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The card lending community is facing a new normal — a world of increasingly 
tighter regulation, restrictive lending criteria and continued economic challenges. 
This new normal will impact how the industry does business going forward. Deeper 
data assessment, fewer automatic approvals and a focus on pricing for the long 
term at the point of application will take center stage as lenders focus on how to 
grow within today’s reality.

Most card lenders spent much of 2009 focused on readying themselves for Credit 
Card Accountability Responsibility and Disclosure Act (Credit CARD Act) 
compliance and will continue these efforts throughout 2010. However, with the 
economy appearing to be recovering, they now are beginning to set their sights 
on growth — putting increased emphasis on targeted marketing, primarily to the 
highest-credit-quality consumers. 

The key challenges the industry faces with regard to growth include:

•	 Developing	a	strategy	that	allows	for	profitable	acquisitions	to	balance	a	
portfolio 

•	 Pulling	forward	into	the	marketing	and	application	approval	process	policies	that	
were formerly used in an account management process to ensure compliance 

•	 Acquiring	new	data	elements	to	comply	with	recent	legislation	and	drive	
decisions that enable profitable portfolio growth

Illustrating these difficulties, the chart below shows that new credit originations 
decreased 46 percent from December 2008 compared with December 2009. The 
previous year comparison resulted in a 16 percent decline. These significant drop-
offs likely were due to factors such as rising delinquency on existing portfolios and 

new lending mandates in the Credit CARD Act. 

New bankcard origination volume trends
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Credit quality of new accounts is increasing
In the current highly restrictive underwriting climate, Experian® is seeing credit 
quality for newly opened bankcards increasing. In Chart 2, the risk score, 
VantageScore,®* increased from an average of 793 to 810 for newly opened 
bankcards at the time of origination. This jump indicates that lenders are increasing 
the cutoff for new accounts to lessen risk exposure. As a result, consumers are 
finding it more difficult to obtain new bankcards unless they have a demonstrated 
history of excellent credit. 

Chart 3 reveals that consumers opening new bankcards have a credit history of 
nearly one year longer than what was seen the year before. Both trends clearly 
show that the criteria for new accounts have grown tighter and that lenders are 
seeking populations with a lower risk of default.    

New bankcard origination credit quality trends 

Using predictive data to limit risk exposure
To limit risk exposure while still keeping credit flowing with new accounts, lenders 
need more effective tools to evaluate consumers. Employing predictive data and 
scores to drive more granular segmentation can provide card lenders with the key 
metrics they require to make the most informed decisions.

To demonstrate this point, Experian utilized two analytical approaches when 
examining consumers who received new bankcard accounts between January 2009 
and March 2009, splitting the population by prime and subprime credit scores. In the 
first methodology, a score was built starting with VantageScore as the base and 
building a new score by adding new data components, including:

•	 Expanded	credit	attributes

•	 Short-term	balance	change	attributes

•	 Estimated	income	and	debt-to-income	(DTI)	ratio	
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*VantageScore® is owned by VantageScore Solutions, LLC.
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•	 Macroeconomic	data

•	 Personality	clusters	

•	 Score	on	propensity	to	open	a	new	account	

As seen in charts 4 and 5, below, the results for the prime population reveal  
a significant lift in predictiveness compared with VantageScore alone.  
Experian’s new expanded premier credit attributes, estimated income, DTI  
ratio and macroeconomic data each contributed measurable lift in predicting 
consumer behavior.

The subprime population experienced an even larger lift, indicating that by using 
this additional data, lenders are significantly better able to identify consumers 
who will pay their bills. In addition to the data elements found to be predictive for 
the prime population, other behaviors — such as short-term changes in balances, 
as well as data traditionally used for prospecting, like personality clusters and 
propensity-to-open models — were surprisingly predictive of risk.

Predictive power of new data 

 Prime Subprime

Stage in hierarchy KS Percentage 
KS lift over 

VantageScore

Stage in hierarchy KS Percentage 
KS lift over 

VantageScore

VantageScore 43.22 N/A VantageScore 25.66 N/A

Credit attributes 46.86 8.42% Credit attributes 32.94 28.37%

Estimated income and DTI 48.59 12.42% Estimated income and DTI 33.56 30.79%

Macroeconomic 49.26 13.98%
Shor-term balance 
changes

34.23 33.40%

Macroeconomic 34.30 33.67%

Personality clusters  
and propensity-to-open  
a new account

35.40 37.96%

 Chart 4 Chart 5

Using a decision tree to analyze populations
The second type of analysis employed relies on a Chi-squared Interaction Detector 
(CHAID) decision tree to examine the same prime and subprime populations. 
With this methodology, the lift is determined by defining smaller populations of 
consumers with similar characteristics; they are segregated into groups of those 
who are significantly more or less likely to pay their bills. As seen in the chart 
below, this portion of the analysis was broken into natural and forced parts. The 
natural decision tree was grown by inputting the data components and then letting 
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KS refers to the Kolmogorov-Smirnov statistic
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the interaction of the variables determine the nodes. With the forced decision 
tree, VantageScore was used to drive the first level due to its high degree of 
predictiveness, but then the estimated income and DTI were forced as the second 
level. (Forcing the estimated income and DTI is a response to the recent mandate 
contained within the Credit CARD Act, which requires lenders to consider ability to 
pay when deciding to extend credit.) 

By doing a segmentation analysis using decision trees, lenders can reveal the 
populations where the largest difference exists from the entire business-as-usual 
(BAU) bad rate on both the high and low ends of the spectrum, thus allowing them 
to assign the correct rates and products commensurate with risk. 

Charts 6 and 7, below, show the BAU bad rate for the prime population was  
2 percent, meaning 2 percent of those new accounts opened between January 2009 
and March 2009 had at least two missed consecutive payments during the calendar 
year. An examination of the natural tree shows that the bad rate can be significantly 
spread across subsegments. A population with a 0.3 percent bad rate is 84 percent 
less risky compared with the BAU bad rate of 2 percent. Conversely, the riskiest 
population is identified with a 40 percent bad rate, which is more than 2000 percent 
worse than the BAU. The key drivers of this segmentation are VantageScore 
less than 689 and income less than or equal to $30,000, along with high previous 
delinquency on bills.

Shifting attention to the prime forced tree, it shows that it spreads the segments 
even further so that the middle populations have a higher bad rate. By doing this, 
other useful data components are revealed. The Complacent Card User personality 
cluster helps identify the low risk, and a lower home price is indicative of higher 
risk. (The lower home price in this population is probably due to the relationship 
between lower income and lower home price and would be expected when income 
is forced into the segmentation.) 

Segmentation results by risk rates 
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Prime
natural tree

Prime
forced tree

Bad rate

Low risk High risk

Base
2%

population

Base
2%

population
0.3% 0.7% 15% 21% 40%

Lift: -84%
VantageScore: 
>826
Income: >$67K
Low monthly
bankcard
payment

Lift: -63%
VantageScore: 
>826
Income: 
$48K–$66K
Low total
monthly
payment

Lift: 705%
VantageScore: 
689–710
High 60+
delinquency 
percentage

Lift: 989%
VantageScore: 
<689
Income: >$36K
High external
collections

Lift: 2011%
VantageScore: 
<689
Income: <=$30K
High 60+
delinquency 
percentage

Base
2%%

population

Bad rate
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Low risk High risk

0.3% 0.6% 18% 23% 25%

Lift: -84%
VantageScore: 
>826
Income: 
>=$67K
Complacent
Card User

Lift: -68%
VantageScore: 
>826
Income: >=$67K
Credit-hungry 
Card Switchers,
Cash-oriented
Skeptics

Lift: 832%
VantageScore: 
<689
Income: <$27K
Home price:
>=$118K

Lift: 1132%
VantageScore: 
<689
Income: 
$27K–$30K
Propensity to
open <677

Lift: 1205%
VantageScore: 
<689
Income: <$27K
Home price:
<$118K
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Not surprisingly, when looking at subprime populations through the decision tree 
(see charts below), those with delinquencies in collections fall into considerably 
more risky ranges. Instead of a 2 percent bad rate for the entire population, as 
was seen for the prime population, the subprime population had a decidedly 
higher 28 percent bad rate. This means that of the new subprime accounts that 
opened between January 2009 and March 2009, 28 percent of them had at least two 
consecutive missed payments during the calendar year. 

Once again, the most predictive input is VantageScore. Medium to high external 
collections are also a significant indicator of risk in subprime, according to the 
natural tree analysis. (An external collection is when a lender sells the bad debt to 
an agency for recovery, usually when the account is 120 to 180 days past due.) Those 
below 531, considered deep subprime, have a 65 percent bad rate, or a more than 
136 percent lift in predictiveness for this population. On the less-risky end of the 
spectrum, the segment with a VantageScore greater than 635, income of greater  
than $71,000 and a lower incidence of 90-plus days past due delinquency resulted  
in a 9 percent bad rate, which is 68 percent lower than the entire population.

When the income estimate is forced in the subprime population, the new 
components that become predictive are changes in balances and utilization, as well 
as explicit high and low cutoffs for a propensity-to-open score. Through analysis, 
Experian carved out populations with a bad rate as low as 8 percent, which is a 73 
percent decrease from the 28 percent BAU bad rate. On the upper end, the riskiest 
population had a VantageScore of less than 531, income of less than $36,000 and a 
small percent change in total balance. Much of this population has high utilization, 
which can result in fewer changes in balance.

Segmentation results by risk rates 
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Bad rate

Low risk High risk

Base
28%
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28%

population
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Lift: -68%
VantageScore: 
>=635
Low 90+
delinquency
Income: 
>=$71K

Lift: -59%
VantageScore: 
>=635
Medium 90+
delinquency
Income: 
$29K–$70K

Lift: 99%
VantageScore: 
<531
Medium 90+
delinquency
Medium external
collections

Lift: 129%
VantageScore: 
<531
High 90+
delinquency

Lift: 136%
VantageScore: 
<531
Medium 90+
delinquency
High external
collections
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Lift: -73%
VantageScore: 
>=635
Income: >=$61K
Large 
percentage 
change in 
total balance

Lift: -61%
VantageScore: 
>=635
Income: 
$29K–$60K
Propensity to 
open >=764

Lift: 90%
VantageScore: 
<531
Income: >=$36K
Low number of 
trades with 
change in
utilization

Lift: 104%
VantageScore: 
531–575
Income: <$36K
Propensity to
open <539

Lift: 121%
VantageScore: 
<531
Income: <$36K
Small 
percentage 
change in
total balance
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The take-away from these decision trees is that as scores go down and delinquency 
rates go up, the bad rate quickly exceeds the risk tolerance of most lenders. 
Lenders looking to expand their universe can confidently do so by incorporating 
new data elements to help stratify risk into their lending decision processes. 

Conclusion 
The study’s results demonstrate that through the use of more insightful  
data, lenders can better separate and define populations of consumers who 
are more capable and willing to repay debt. This information will allow lenders 
to develop a strategy for profitable acquisitions to balance portfolios while 
simultaneously setting appropriate limits and interest rates commensurate with  
the consumer populations. 

Today’s new normal is going to necessitate incorporating new data  
elements in marketing and application approval processes in order to comply 
with recent legislation and drive decisions that enable profitable account growth. 
Continuing with today’s business-as-usual approach would leave a lender at a 
competitive disadvantage.

For consumers, gaining a better understanding of how lenders evaluate credit 
usage and on-time payment data can only reinforce the importance of paying bills 
promptly and using credit wisely. In addition, this microsegmentation approach will 
provide consumers who have proven they use their credit responsibly with the best 
rates while opening the door for other populations to gain access to credit again.   

Methodology
Experian used two distinct approaches to determining the risk or the contribution 
that new data could provide. One approach relied on VantageScore as a base  
and added the new data elements. Lift in the Kolmogorov-Smirnov (KS) statistic 
was used to measure value. The other approach relied on CHAID methodology, 
looking at both natural and forced income due to new Credit CARD Act 
requirements, where lift in the bad rate was used to illustrate the magnitude  
of value from the segmentation.

Experian analyses and studies 
To review additional Experian information, including data analysis, research and 
related information, visit www.experian.com/insight.
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